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INTRODUCTION

Introduction: Both proton and photon therapy are used as curative
treatment for Prostate Cancer (Pca) and have become a standard
treatment option. In current era of personalized medicine, there remains
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RESULTS

Table 2. Characteristics associated with
Biochemical recurrence.
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Figure 5. Association between Interruption
of Treatment and Biochemical recurrence.
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Change in PSA Levels = Post Proton Therapy PSA / Pre Proton Therapy PSA

last measured

To build the Logistic Regression Model, we then created a Binary
Response variable called “Patient Response to Therapy” using the
Change in PSA Level values. The specified cut-off for Change in PSA

demographic and clinical variables of
current study participants.
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Levels were used to categorize Patients who Responded positively to —_—
Therapy vs. Patients who did not respond positively to Therapy. I RO AV S5
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Figure 4. Association between Prior

Androgen Suppression and Biochemical
recurrence.
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Figure 2. Graphical representation of
utilization of other treatment in current
participants.

Figure 8. Association between Age at

Patients who responded positively to Proton Therapy - Change in PSA < 0.015 _ _
Enrollment and Biochemical recurrence.

Patients who did not respond positively to Proton Therapy = Change in PSA > 0.3
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Based on the above stratification, the patient population size that
was used for training the model was 569 patients
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Model Training using Machine Learning: We used a Machine Learning
Pipeline (MLP) that included the below stages to train the model: 1)
Missing Value Treatment Stage, 2) Normalizer Stage, 3) Box-Cox
Transformer Stage, 4) Feature Assembler Stage, and 5) Ridge
Regression Stage. The above MLP was executed using a 2-Fold Cross
Validation Method and using Grid Search Technigue to tune the Hyper
Parameter (A value) for the Ridge Regression stage of the MLP.
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